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pandas (manipulate data) < > dplyr, tidyr, data.table (manipulate data)

SciPy and NumPy (scientific computing) < > stringr (manipulate strings

statsmodels (explore data, estimate models, perform «— datasets, mlbench, 1071, etc. (explore and perfume

statistical tests) statistical tests) LSl
Matplotlib and seaborn (graphics) * > ggplot2 (visualization)

Scikit-learn (machine learning) < > carete (machine learning)
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https://www.datacamp.com/community/tutorials/r-or-python-for-data-analysis?utm_source=adwords_ppc&utm_campaignid=1455363063&utm_adgroupid=65083631748&utm_device=c&utm_keyword=&utm_matchtype=b&utm_network=g&utm_adpostion=&utm_creative=332602034361&utm_targetid=dsa-473406585795&utm_loc_interest_ms=&utm_loc_physical_ms=1012088&gclid=CjwKCAjwg6b0BRBMEiwANd1_SKTkv_K4OZlXVHg2GwTlnUFDVqx6C9gmXubukNMzcMquqvapj0a2ohoC9gcQAvD_BwE
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Jason Brownlee

Machine learning is taugi’,ht by academics, for academics.
That’s why most material is s6 dry and math-heavy.

Developers need to know what works and how to use it.
We need less math and more tutorials with working code.

Me: Let’s have fun...
Fun makes us more optimistic in my progress
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File Home Insert Page Layout Formulas Data Review WView Help Acrobat 1% Share i1 Comments
|ji| Calibri Ju A A | E=B 8 v v BwapTe General . == E[gj @ o IZEH Z - Y p g
paste 3 e — | = — — Coetirnec Eoametae el || i Debre Forrt [ T ) fele | e
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Clipboard ] Faont [P Alignment ] MNumber ] Styles Cells Editing |deas
Qi7 s Je
A . B . C . D . E . F . G . H . . J . K . L . M . N . O
T | MNouns Adjectives Verbs Pronouns Coordinators
2 AR_AO1 196.322 66.10338 156.064 56.163 33.7972167
3 AR_A02 205.915 74.47974 182.913 49.8357 27.9299014
4 :AR_AOS 249.636 79.65032 192.326 31.0831 28.6546867
5 AR_AO4 197.414 79.56241 189.955 50.721  23.868722 sc"‘}f\ j“.é:zl\
6 AR_AO5 220.954 65.87137 168.568 51.8672 25.93361
7 AR_AO6 245.234 70.58217 185.987 41.7311 31.9422978
8 :AR_AO? 221.1 77.23372 151.943 41.898 24.7349823 gS'ng J?‘ﬂ"
9 AR_AO8 197.693 75.51127 157.315 54.5359 29.8898794
10 AR_AO09 203.869 66.96429 207.341 59.5238 30.2579365 w"'ﬁ" g
11 AR_A10 231.361 54.83405 182.78 50.0241 19.2400192 i -
12 :AR_All 240.822 54.33186 173.275 30.3475 29.8580519
13 AR_A12 199.39 61.03764 196.846 95.6256 37.1312309
14 AR_A13 23836 71.86235 192.308 39.9798 23.2793522
15 AR_A14 221.253 81.62218 173.511 39.0144 24.6406571
16 | AR_A15 225.146 57.01754 193.47 78.9474 39.4736842
17 |AR_A16 234.266 59.44056 191.808 67.4326 40.959041
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Linear Discriminant Analysis LDA (simple linear)
Classification and Regression Trees (CART) <- nonlinear
k-Nearest Neighbors (KINN) <- nonlinear
Support Vector Machine (SVM) (nonlinear)
Random Forest (RF) <-complex nonlinear
Regularized Regression
Naive Bayes
Decision Trees <-complex nonlinear
Linear Regression

Logistic Regression (mixed effects models)
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# Run algorithms using 10-fold cross-validation
trainControl <- trainControl(method="cv", number=10)
metric <- "Accuracy”

# LDA

set.seed(7)

fit.lda <- train(Species~., data=dataset, method="1da", metric=metric,
trControl=trainControl)

# CART

set.seed(7)

fit.cart <- train(Species~., data=dataset, method="rpart", metric=metric,
trControl=trainControl)

# KNN

set.seed(7)

fit.knn <- train(Species~., data=dataset, method="knn", metric=metric,
trControl=trainControl)

# SVM

set.seed(7)

fit.svm <- train(Species~., data=dataset, method="svmRadial", metric=metric,
trControl=trainControl)

# Random Forest

set.seed(7)
fit.rf <- train(Species~., data=dataset, method="rf", metric=metric, trControl=trainControl)
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Models: lda, cart, knn, svm, rf

Number of resamples: 10

Accuracy

Min. I1st Qu.  Median  Mean 3rd Qu.  Max. NA's
lda 0.5833333 0.6666667 0.6666667 0.6833333 0.7291667 0.8333333 0
cart 0.5833333 0.7500000 0.8333333 0.8000000 0.8958333 0.9166667 0
knn 0.5000000 0.6666667 0.7500000 0.7083333 0.7500000 0.9166667 0
svim 0.5833333 0.6666667 0.7500000 0.7416667 0.8333333 0.8333333 0
rf 0.6666667 0.7708333 0.8333333 0.8166667 0.8333333 0.9166667 0
Kappa

Min. 1st Qu. Median Mean 3rd Qu. Max. NA's
lda 0.375 0.50000 0.500  0.5250 0.59375 0.750 0O
cart 0.375 0.62500 0.750  0.7000 0.84375 0.875 0
knn 0.250 0.50000 0.625  0.5625 0.62500 0.875 0
svim 0.375 0.50000 0.625  0.6125 0.75000 0.750 0
rf 0.500 0.65625 0.750  0.7250 0.75000 0.875 0
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